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Abstract

Currently, Artificial intelligence (Al) is increasingly becoming embedded as a normality in a growing
amount of work positions and is reshaping how professionals perform tasks, process information and
create value. While previous research has largely focused on organizational outcomes, less attention
has been given to how Al is experienced within specific professional roles, where both analytical and
relational work are central.

This study explores how Al reshapes the everyday work and perceived value creation of business
development professionals (BDPs). Adopting a qualitative-dominant mixed-methods design, the study
combines semi-structured interviews with a mixed-method survey in order to examine how Al
integration influences task execution, competence requirements, and professional role expectations.
The analysis is guided by the EPOCH framework and Role Theory and follows an abductive thematic
approach.

Our findings suggest that Al has become deeply embedded in the daily workflows of business
development professionals, functioning not only as an efficiency-enhancing tool but also increasingly
as both a cognitive and strategic support system. While Al tools reduce time spent on repetitive and
information-intensive tasks, the findings indicate that it simultaneously increases the importance of
several  human-centered  capabilities such as judgment, contextual understanding,
relationship-building, and communication. Al appears to shift value creation from operational

execution toward interpretation, validation, and relational anchoring of Al-generated outputs.

The study further suggests that business development work is becoming increasingly defined by the
ability to balance Al-supported efficiency together with human reflection, trust, and sensemaking. The

findings support perspectives viewing Al primarily as augmenting rather than replacing human work.

Theoretically, the study contributes with time-relevant insights into how Al reshapes competence
requirements and perceived value within a boundary-spanning role. Practically, the study highlights
the growing importance of combining Al literacy with interpersonal and interpretive capabilities in

contemporary business development work.

Keywords: Artificial Intelligence, Business Development, Human-Al Interaction, Value

Creation, EPOCH Framework, Role Theory, Knowledge Work
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1. Introduction

This thesis aims to explore the influence of Al on the roles of business development
professionals. The use of artificial intelligence (AI) has become widespread in the workplace
due to the benefits that it adds to businesses. Moreover, the adoption of Al is expected to
foster economic growth for the companies that adopt it (Howard, 2019). This spread of Al
adoption has affected the workflow of different fields; subsequently, human interaction with
Al has changed human work (Raisch & Krakowski, 2021). Thus, Al has changed where

humans create or even co-create value by altering the role of humans.

1.1. Background

The business development concept has always been understood as growing businesses. For
an organisation to be able to grow, it should demonstrate its ability to utilize its resources to
meet customers' needs (Hakansson & Ford, 2002). To achieve this goal, it should be able to

exploit its resources and demonstrate organizational resilience (Zahra, Neck, & Kelley, 2004).

The business development definition is still not clearly stated or agreed upon (Wei & Lin,
2024; Achtenhagen et al.,2017). However, there were some attempts to give a clear definition
of business development (BD). For instance, Davis & Sun (2006) identified business
development as a set of activities that are intended to achieve growth for an organization,
whether by expansion to new markets or by developing new products or services in existing
markets. Another definition was presented by Kind & zu Knyphausen Aufsef3 (2007), which
stated that BD is a process whose result is the growth of an organization, by adapting to or
withdrawing from current markets, entering new markets, or developing a new product for
existing markets. In essence, despite the different definitions of business development, all

agree on one goal: growing the business.

However, there are various activities related to business development. According to
Achtenhagen et al. (2017), business development-related activities can be distinguished into
two main groups: core activities and supporting activities and are both meant to support an

organization's growth.



The core activities involve mobilization, management, and allocation of resources, internal or
external or both, and make the most of them. In addition, the evolution of the value
proposition is crucial to ensure that customers' needs are met and to consider their feedback
to fulfil their demands. Finally, the core activity of business development is exploring new
opportunities through market research or segmentation analysis to characterize new
customers. While the set of supporting activities includes, for instance, fostering staff

capabilities and human resources management (Achtenhagen et al., 2017).

In recent years, the adoption of artificial intelligence (AI) in organizations has been steadily
increasing. According to Nguyen & Elabnna (2025), the widespread adoption of artificial
intelligence was due to the availability of data and the development of computing
capabilities, which led to the development of Al and its increased adoption by organizations.
Referring to Kurup & Gupta (2025), organizations have adopted artificial intelligence to
increase productivity and improve operational efficiency by processing large volumes of data
at high speed and with high accuracy. These features offered by Al reduce the time an
employee spends on time-consuming or repetitive tasks, allowing the employee to spend
more time on tasks that require human capabilities to accomplish. One more advantage is that
Al supports managerial decisions by analysing large data sets and detecting trends that
humans might not capture, and provides predictions of upcoming trends. That helps managers
produce more accurate decisions as they are based on accurate data, and do not rely on the
manager's intuition, which may be wrong (Kurup & Gupta, 2022). It can therefore be argued
that Al increases profitability, which is the main reason why organizations adopt Al, and thus
enables growth, by having internal resources that help them to be more resilient and allow

them to grow in the future (Delmar et al., 2013).

However, Bullemore-Campbell et al. (2025) argue that adopting Al in businesses alone does
not or rarely bring benefits, but it must be accompanied by other factors. For instance, skills
development of workers who will be interacting with the new technologies. It can therefore
be argued that if the adoption process of Al is decoupled from training the workers who will
be handling the technology, then the whole process will probably fail or not give the result
that was hoped. Instead, the adoption of Al could then be an additional burden on the
company (Bullemore-Campbell et al., 2025).



1.2. Problem statement and Research Gap

In this thesis we look to address this gap by focusing on how Al is integrated into the
everyday work of business development professionals. By examining how such integration
reshapes task execution, competence requirements, and perceived value creation, the thesis

aims to provide a more context-sensitive and up-to-date understanding of Al in practice.

Business development professionals are understood as professionals who operate close to
both the market and the organization, with the practical responsibility of identifying and
advancing growth opportunities by connecting customer needs, market signals and internal
resources (Hékansson & Ford, 2002). They often act within a boundary-spanning role,
meaning a role that connects different actors, information flows and organizational contexts,
where work can involve opportunity shaping, relationship-building, partnering and translating
information into actionable outcomes (Davis & Sun, 2006). Existing literature highlights that
the responsibilities of business development professionals vary across firms and contexts, and
that business development as a field still lacks a fully coherent and standardized definition
(Achtenhagen et al., 2017; Kind & zu Knyphausen-AufseB3, 2007; Wei & Lin, 2024). This
makes it necessary to, here in this thesis, be explicit about the role of business development

professionals - rather than relying solely on general definitions of business development.

It is arguable to say that the recent years of developments in Al is highly relevant to this
specific role. Many of the everyday tasks that business development professionals execute are
now directly supported by newly evolved Al, which is capable of drafting text, summarizing
information and generating analytical or strategic suggestions (Noy & Zhang, 2023;
Brynjolfsson et al., 2023). This represents not only a shift in tech but also a shift in work
practices, as it possibly changes the speed and ease with which information can be

transformed into communication and decisions (Raisch & Krakowski, 2021).

Empirical research presented by (Noy & Zhang, 2023) provides us with strong evidence that
such tools can increase productivity, while at the same time demonstrating that their effects
are quite uneven. Access to Al significantly reduces time spent on professional writing tasks
while improving output quality. Similarly, Brynjolfsson et al. (2023) find that Al increases
productivity in customer support relations, with particularly strong effects among less
experienced workers. These findings can suggest that Al is likely to support tasks in business

development that are text- and information-intensive, while at the same time indicating that



outcomes depend on both task characteristics and user capabilities (Noy & Zhang, 2023;
Brynjolfsson et al., 2023).

To further clarify the type of work under study, this thesis adopts the notion of knowledge
work, defined as work where the primary input and output consist of information,
interpretation, and judgment, such as synthesizing information, evaluating alternatives and
producing recommendations or communication (Davenport, 2005). We think this is
particularly relevant in this context because recent research further also suggests that Al’s
impact on knowledge work is uneven. Dell’Acqua et al. (2026) describe a “jagged
technological frontier,” showing that AI can enhance performance for tasks within the
frontier of current Al capabilities, while simultaneously undermining performance for tasks
outside it. This implies that effective use of Al is not only about access to the Al itself, but
also about the users ability to critically evaluate when it is useful, when it is misleading and
how to validate its outputs (Dell’Acqua et al., 2026). In line with this, Raisch and Krakowski
(2021) argue that automation and augmentation are intertwined, meaning that Al does not
simply replace human work but more so reshapes the balance between Al-support and human

judgment.

Despite these research developments, we argue that role-specific understanding of Al
integration within business development work remains limited. Much of the existing
empirical evidence on Al at work has been gathered from professional writing tasks and
customer support environments (Noy & Zhang, 2023; Brynjolfsson et al., 2023), while more
nuanced insights into the uneven effects of Al primarily come from studies conducted in
knowledge-intensive consulting contexts (Dell’ Acqua et al., 2026). However, the challenge is
that these contexts do not fully capture work roles where analytical, strategic and relational
tasks are combined in everyday practice. These contexts only partially reflect the
boundary-spanning, customer-facing and relational nature of business development work,
where tasks are not only analytical, but also embedded in communication,
relationship-building and strategic interaction (Hakansson & Ford, 2002; Davis & Sun,
2006). As a result, there is still limited understanding of how Al is experienced, interpreted
and integrated in roles where both information processing and interpersonal interaction are

central.

We find this gap is particularly important in the context of business development, since

business development professionals operate at the interface where market insights are



translated into customer-facing communication and relationship decisions (Hakansson &
Ford, 2002). If organizations are assuming that Al-driven efficiency automatically translates
into value, they risk prioritizing scale and speed, but at the expense of risking contextual fit,
credibility and trust (Raisch & Krakowski, 2021). We argue that these risks are larger in
relationship-based work of this sort, where value is not only created through accurate
information, but also through how that information is interpreted, communicated and

embedded in social interactions.

What becomes clear from both the literature and our early empirical material is therefore not
that Al simply affects the role of business development professionals, but that it may
fundamentally reshape what is understood as a valuable contribution. This thesis addresses
this gap by exploring how business development professionals experience Al integration in
their work and how this influences task execution, competence requirements and perceived
value creation. As the tasks related to information processing and communication become
easier to scale through AI, the relative importance of human judgment, contextual
understanding, and relationship-building may increase. In this sense, value creation may shift
from producing messages and analyses to interpreting, validating, contextualizing, and
relationally anchoring Al-generated outputs (Dell’Acqua et al., 2026; Raisch & Krakowski,
2021).

Given the rapid pace of technological development and the expanding use of Al across
different work contexts, such role-specific insights can be seen as necessary, this to ensure
that both research and practice remain aligned with how work is actually evolving in today's

rapidly changing (work)environment.
1.3. Purpose of the Study and Research Question

The purpose of this study is therefore to explore the use of Al and its influence on value
creation in the everyday work of business development professionals. Rather than
approaching Al as a purely technological or organizational-level phenomenon, our study
adopts a micro-level perspective, focusing on the integration of Al into daily work practices
and its influence on what is perceived as a valuable contribution within the role of Business

Development Professionals (BDPs).

More specifically, the study aims to (1) examine the use of Al in the everyday work of

business development professionals and its influence on the execution of tasks and time



allocation, (2) analyze perceived shifts in competence requirements as Al has started and
continues to enable faster production of text, analysis and communication, and (3) explore
understandings and evaluations of value creation in situations where Al-supported outputs
must be interpreted, validated and embedded in business development professionals work and
in their work related relational contexts. Through this, the study also seeks to develop a
conceptual understanding of how Al-supported work reshapes perceived value creation
within business development roles. In doing so, the study pays particular attention to how
business developers balance Al-supported and human-driven activities - and under what

conditions Al is experienced as enhancing or potentially undermining value creation.

Empirically, the study is based on a combination of survey and interview data collected from
individuals working as Business development professionals with strong insight in this study’s
purpose. This enables us as researchers to connect broader patterns of Al use with in-depth,
qualitative gathered insights of how Al is experienced and managed in practice by business
development professionals. By integrating these perspectives, the study seeks to provide a
more nuanced understanding of how Al is embedded in everyday work rather than treating

adoption as a one-dimensional process (Raisch & Krakowski, 2021).

The expected contribution of the study is twofold. Theoretically, it contributes to the growing
body of literature on Al at work by offering role-specific insight into how human-Al
interaction reshapes task structures, competence requirements and perceived value creation
within a boundary-spanning role. In doing so, it extends existing research that we argue (1)
has primarily focused on other knowledge work contexts, such as writing, customer support,
or consulting, by providing a more context-sensitive understanding of business development
work, and (2) by providing a time-relevant study in rapidly changing practices. Practically,
the study hopes to contribute by offering insights into how business development
professionals are adopting Al in ways that enhance efficiency while maintaining relational
quality, credibility, and trust in customer-facing contexts (Raisch & Krakowski, 2021), which
we think is of importance both for individual practitioners and organizations who are

depending on their Business development professionals to create value.
Based on the purpose of the study, the following research question guides the thesis:

RQI1: How do business development professionals (BDPs) experience changes in task
execution, competence requirements, perceived value creation and their strategic role when

artificial intelligence (Al) is introduced into their work?



This research question is open-ended in order to capture how the nature of the business
development professional roles changes. The question focuses on task execution, competence
requirements, perceived value creation and role-related changes, including how business
development professionals understand their strategic contribution, rather than on the technical
performance of Al systems or broader organisational outcomes. This allows for an
exploratory approach that is suitable for understanding how Al is integrated and experienced

in business development work.
1.4. Research Outline

This master’s thesis consists of seven chapters. The first chapter is the Introduction. In this
section, the topic of this thesis is introduced and problematized, and the research gap is
defined. In addition, the research question is presented in this section. The second section is
the Literature Review and Theoretical Framework. This section presents theories that will
guide the discussion section; these theories are the role theory and the EPOCH framework.
Additionally, this section presents the existing literature that is related to the business
development professional's definition and core activities of the role. Moreover, the adoption
of Al in the business development profession is discussed.

The third chapter is Methodology. This section justified the research method followed in this
thesis and presents the profiles of the participants of this study. In addition, the data analysis
approach is discussed, and the themes that emerged from this analysis are presented. The
fourth chapter presents the Empirical Findings. The data collected from the interviews were
transcribed, and the data collected from the survey were cleaned, and both are presented in
this section. The fifth chapter of this thesis is the Discussion, where the empirical findings
are analysed. An extensive discussion of the findings is introduced and maps the relationship
between these findings and the theories from the earlier section. The final chapter is the

Conclusion. This section presents an overall review of the whole of this thesis.



2. Literature Review and Theoretical Framework

This section of the thesis outlines the theoretical foundation of this study; in addition, it
presents an overview of the existing literature related to the topic under study and the
conceptual framework. The EPOCH framework will be introduced first, and then the role
theory will be discussed. The main theoretical lenses guiding our analysis. We adopt the
EPOCH framework (Loaiza & Rigobon, 2024) as the primary theory for understanding how
uniquely human capabilities can complement AI. EPOCH identifies five clusters of human
skills: Empathy & Emotional Intelligence, Presence, Networking & Connectedness, Opinion,
Judgment & Ethics, Creativity & Imagination, and Hope, Vision & Leadership.

It’s believed that Al struggles to replicate these particular skills. These pillars will help us
distinguish which tasks in business development rely on inherently human capacities. We
also use Role Theory to capture how the business development role may shift since Al has
become a part of the work. Role Theory emphasizes that occupational roles are defined by
expectations, norms, and identity (Katz & Kahn, 1978; Biddle, 1986). When new
technologies enter the workplace, professionals can experience role ambiguity (uncertainty
about expectations) and role conflict (clashing demands) (Rizzo et al., 1970). Professional
identity, meaning how professionals understand themselves and their role within their work,
can be challenged as technologies reconfigure core tasks and professional boundaries (Nelson
& Irwin, 2014). Together, these perspectives help answer our research question, this by
identifying which human-centric skills matter for business developers and their work.
Additionally, a review of the existing literature regarding key concepts that are related to
business development. Moreover, this section presents the adoption of Al into different
businesses and narrows down to the business development profession. What is more, this
section introduces a detailed explanation of the business development professionals' activities
including: market sensing activities, boundary-spanning activities, and dynamic capabilities
related activities. Furthermore, the need to upskill their professional competencies will be
outlined.

2.1. The EPOCH Framework

The EPOCH framework is about one's ability to understand, interpret and respond to others
emotions. At least in a way and form that fosters trust, collaboration and meaningful
interaction (Loaiza & Rigobon, 2024), which, in today’s context year 2026, is still mostly

believed to be a capability unique to humans.



It is developed to capture five broad categories of human capabilities that complement, rather
than substitute, today's Al. Each EPOCH category, referred to in this thesis as an EPOCH
dimension, represents a cluster of human skills that are difficult for our current Al systems to

replicate. Specifically:

- Empathy & Emotional Intelligence: skills in understanding and responding to others’
emotions, fostering trust and collaboration (e.g. listening to customer needs).

- Presence, Networking & Connectedness: the ability to build and maintain social networks,
work in teams, and be physically or virtually present (e.g. connecting with clients or
partners).

- Opinion, Judgment & Ethics: the exercise of personal judgment, ethical decision-making
and navigating ambiguity (e.g. evaluating conflicting market signals or handling dilemmas).

- Creativity & Imagination: generating new ideas, storytelling and creative problem-solving
(e.g. developing new service concepts or communication strategies).

- Hope, Vision & Leadership: inspiring others, setting vision and leading change (e.g. setting

strategic direction or motivating teams under uncertainty).

Loaiza and Rigobon (2024) show that tasks high on EPOCH dimensions are less vulnerable
to automation and more likely to be augmented by AIl. For instance, they find that work
which relies strongly on the need for empathy or judgment has grown faster and is also more
resilient, than work that is dominated by routine tasks. In our context, business development
professionals routinely engage in activities like client meetings, strategy formulation and
networking, all drawing on these human capabilities. Since the EPOCH framework is
relatively new, previous applications of it are still limited. However, its main result is useful
for this thesis, as it suggests that human-centered capabilities such as empathy, judgment,
creativity and leadership are more likely to complement Al than to be replaced by it (Loaiza

& Rigobon, 2024).

We will use the EPOCH framework to map our collected data onto these different human”
skills, asking: Which aspects of the business development professional’s work involves
empathy, presence, creativity, etc.? This operationalizes our studies research question by
highlighting how the nature of work aligns with human-centric skills, versus Al solvable
tasks. In this way, EPOCH helps us identify both opportunities (such as Al supporting routine

tasks) and challenges (such as maintaining important human skills in an increasingly



Al-driven work environment).

2.2. The Role Theory

Role Theory provides in this thesis a complementary perspective to the EPOCH-framework,
focusing more on the social and psychological dimensions of occupational roles. It argues
that each role carries a set of expectations or “norms”, which all will guide behavior (Biddle,
1986; Katz & Kahn, 1978). When new technologies like Al are introduced, these
expectations can shift and may then create uncertainty of some kind. The theory’s two key
concepts used in this study are role ambiguity and role conflict.

Role ambiguity occurs when it is unclear how one is supposed to perform one’s role under
new conditions (Rizzo et al., 1970); while Role conflict arises when incompatible demands
pull the role in different, and sometimes new, directions (Kahn et al., 1964; Rizzo et al.,
1970). For example, a business development professional might face conflicting expectations
between using Al for efficiency versus providing personalized service, which could lead to
tensions in their day-to-day work role. Earlier role theory research supports that unclear or
conflicting expectations can create tension in how individuals understand and perform their
work roles (Kahn et al., 1964; Rizzo et al., 1970).

Role Theory also helps us to highlight professional identity and authority. Professionals often

derive identity and legitimacy from their occupational role and expertise, which may become
challenged when technological change reshapes established work practices and professional
boundaries (Nelson & Irwin, 2014). In their study of librarians and internet search
technologies, Nelson and Irwin (2014) show how technological change can force
professionals to redefine what they do and where their expertise is located.

Al can challenge this by transforming normal core activities. If an aspect of the role that was
once a source of expertise (e.g. generating analyses) becomes automated, business
development professionals may need to renegotiate what gives them value as well as
authority, and how they provide it in their own work (Nelson & Irwin, 2014). We will
therefore use Role Theory to examine our collected data and its themes, specifically to gain
clarity of different role expectations, identity shifts and potential conflicts. This addresses our
research question by examining both how the strategic role changes and perceived
opportunities. The theory supports our analysis of the human-level reactions and the

adjustments happening, when business developers integrate Al into their daily work and onto
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their professional role.

2.3. Adoption of AI and Its Impact on Different Roles

In recent years, artificial intelligence (Al) has rapidly evolved. Al is a set of technologies that
is used to perform tasks that previously required human cognitive ability (Du-Harpur et al.,
2020). Although there is not enough research about the adoption of Al in organizations,
previous studies have shown that businesses are now adopting Al in their work to the point of

considering it a strategic resource for their companies (Ayinaddis, 2025).

Tredinnick (2017) indicates that Al is being used in various sectors, such as the health and
law sectors. According to Arman & Lamiya (2023), businesses initially began utilizing Al to
enhance efficiency. Al helped businesses, for instance, but not limited to, promote customer
relationship management, generate personalized communication with different stakeholders,
and reduce the costs of various operations (Paschen et al., 2020). Therefore, businesses
adopted it as a technology that enables them to perform their tasks more efficiently and at
reduced costs, and generate extra revenue (Enholm, 2022). Despite that, businesses invest
substantial resources (e.g., time, effort, etc.), but many of them do not achieve the expected

benefits of adopting Al (Angstrom et al., 2023).

On the other hand, concerns regarding the adoption of Al manifest as a fear of eliminating the
human role in specific tasks and of machine displacement. According to Selenko et al.
(2022), the impact of Al on work depends on the role’s tasks. The authors illustrated that Al
capabilities range from helping humans with their tasks to taking over tasks and performing
them without human intervention, which is called ‘’technological unemployment” where
humans lose their jobs to technologies (Peter, 2017). Additionally, Wang & Siau (2019)
indicate that there are some jobs that no longer exist because of Al that is performing these
tasks, and there is no need for employing humans anymore. This phenomenon is called ©’
technological job obliteration”. Moreover, Selenko et al. (2022) discussed that Al creates
even new jobs that were not available before the Al era. This range varies according to the
technologies employed in the work and fundamental drivers, including economic and

organizational factors.

The situation where Al performs human tasks is called “’automation”, while the situation

where Al assists humans in their tasks is called * augmentation” (Enholm,2022). As stated
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by Enholm (2022), automation is not a new concept; however, Al has developed and can now
perform tasks that require human intellectual capacity, such as learning and analytical
competence. Yet automation does not imply that human resources are not needed anymore; it
reshapes the role of humans (Shoib, 2025). Human roles moved from achieving tasks by hand
to supervising machines to do these tasks. This concept is called ‘Workforce Transformation,'
which means that humans will not be left without jobs, but rather must acquire new skills to
fill more advanced roles (Alrasheedi et al., 2022). Which is consistent with the suggestion
that human workers will be affected by automation, but each according to their skills (Lei &

Kim, 2018).

Despite the differentiation made between the two concepts of automation and augmentation,
and augmentation that complements human capabilities (Enholm, 2022), over time, Al could
be developed to an extent that it could operate independently of human assistance and
capabilities. This raises the question of whether automation is taking over the augmentation.
As Al is evolving, new technologies are introduced with new features, which can simply

displace humans. This suggests that the boundaries between these two concepts are vague.

On the other hand, augmentation is the process by which Al is used to surmount human
intellectual capacity, as Al plays a facilitative role in data processing and therefore creates a
better decision-making process (Enholm,2022). Moreover, Lei & Kim (2022) state that Al is
utilized as a supportive tool, which enhances human efficiency and increases productivity. In
other words, augmentation refers to technologies powered by Al and used to improve
performance without displacing human resources. According to Murphy (2025),

augmentation serves as a softening factor on the employment rate when adopting automation.

Moreover, Welling (2019) argues that the focus was on developing Al that displaces humans
from workplaces, but Welling clarifies that this is a misguided objective, which may
influence the businesses. Additionally, Welling argues that Al development should promote
human capability, not their displacement, save time and effort, and process data quickly and
efficiently, allowing humans to make better, data-driven decisions. For instance, Welling
(2019) demonstrates that Al is beneficial in the health sector, as it could help recognize
cancerous patterns from screening samples. Yet, the doctor’s role is still crucial in treating
patients, although Al helps in recognizing these cancerous patterns, the doctor’s role is still
crucial. Consequently, Al is changing the tasks associated with different roles, and therefore,

there are shifting skills required.
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In the same context, Lokesh et al. (2024) argue that Al has reshaped businesses rather than
replacing human roles. They illustrate that the iterative daily tasks are being automated by
AI; however, the human role is still essential, with the need to upskill/reskill. This implies
that Al is not eliminating the human role; rather, it requires workers to learn and acquire the
knowledge needed to perform tasks using Al. Moreover, this reshaping of roles creates new
roles, as the skills and knowledge needed evolve while employing Al in work operations.
Furthermore, the required skills that workers have to acquire are data analysis ability, digital
competencies, and the continuous ability to learn (Lokesh et al.,2024). This is due to the fact
that Al developments are continuous and rapid, requiring employees to constantly learn to
keep pace with this evolution. This upskilling/ reskilling can be applied to various roles, and
business development is a functional role where Al is heavily adopted in almost all

operations of the role.
2.4. The Structure of the Business Development Professional's Roles

Business developer roles (BDs) have become a crucial role within organizations. The goal of
business developers is to align daily tasks and activities with the organization's long-term
objectives (Wei & Lin, 2024). What is more, Wei & Lin (2024) clarify that business
developers' tasks are varied, and sometimes it is conceived that they are limited to sales, but
this conception is incorrect. The authors argue that these tasks are rather more strategic in
nature. However, in this thesis will discuss business development professionals and will be

referred to as a business developer.

Yet an empirical study conducted by Achtenhagen et al. (2017) has found that business
development tasks can be divided into two categories, primary activities and facilitating
activities. The primary activities consist of allocating organizational resources to drive
growth and achieve strategic goals, and procuring new business ventures. On the other hand,
the facilitating activities include conducting market analysis, developing strategic plans that
support the organization's growth, and analyzing the internal performance metrics. Below are
explanations of these activities. However, due to the fact that business development
professionals perform a wide range of tasks, this thesis will discuss business development

professionals' roles and will be referred to as a business developer.

Moreover, in this thesis, business developers' activities will be discussed under three

overlapping lenses based on the task characteristics which are classified from existing
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literature: market-sensing related activities, boundary-crossing activities, and dynamic

capabilities related activities.

These three groups were identified to be the analytical lens of this study, and it represents the
core dimensions of BDRs work. In addition, strategic work and intensive knowledge are
embedded into these dimensions. Moreover, these categories are more likely to be influenced

by the Al adoption into BDPs’ roles.

2.4.1. market-sensing related activities:

The market-sensing activities are considered as a competitive advantage of organizations.
More specifically, these activities promote the organization's ability to adapt to any changes
in the market, enabling it to create an advantage and compete in the market (Bayighomog
Likoum et al., 2018). One more aspect that has a significant impact on organizations is
market-sensing, which reduces uncertainty, allowing organizations to allocate resources as

needed.

According to Day (1994), market sensing is the process of collecting and analyzing data from
the market, customers, and competitors, which enables organizations to predict and adjust to
any changes. These features allow the organization to be more responsive to any changes in
the market. Additionally, Day (1994) illustrates that market-sensing activities fall under the
category of outside-in capabilities of the organization, meaning these data are collected from
outside the organization and analyzed within it. However, Day (2011) argues that despite
being market-oriented organizations, they still could fail to respond to the market changes,
and the lack of analytical capability is the reason, emphasizing that the overload of data in the

process could be. This raises the need for supporting tools that facilitate the process.

Although Day discusses the market-sensing activities on an organizational level, business
developers are responsible for performing and creating these capabilities of the organization.
Their activities are identifying qualified leads, tracking customer responses, utilizing CRM,
generating data, analyzing buyer behavior, and gathering competitor data. This implies that

business developers contribute to the organization's competitive advantage.

2.4.2. Boundary-crossing activities

Boundary-crossing activities represent the tasks that require interaction between different

stakeholders (Aldrich & Herker, 1977). Additionally, these interactions could occur within
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different departments of the organisation, or they could extend beyond the organisational
boundaries (Marrone, 2010). In this thesis, this helps explain the boundary-spanning role of
business development professionals, as they often move between customers, internal
departments, market information and strategic decisions. Moreover, Marrone (2010)
distinguishes between three types of boundary-crossing activities: representation activities,

information search & coordination, and coordination activities.

However, a business developer performs these types of activities. Since business developers
represent their organizations into outer stakeholders. For instance, BDs represent their
organization to the customers and different businesses when making deals. Furthermore, BDs
gather data from outside the organization, analyse it, and deliver it to different departments.
These collected data come from various sources, such as customer feedback, the situation of
competitors, CRM data, and pipeline data. In other words, market-sensing data. Regarding
the coordination activities, BDs also coordinate with different departments, aligning their
operations with the organization's strategies. For instance, a business developer works closely

with the finance department to plan pricing strategies.

In order to facilitate this transportation of data across organizational departments, BDs use Al
to predict actionable insights extracted from the data they have and transfer them in a smooth
manner. The importance of boundary-crossing activities is derived from the fact that
organizations are complex and data-intensive (Raisch & Krakowski, 2021; Schotter et al.,
2017). Therefore, without these activities, each department will have its data and will not
benefit the strategic growth of the organization. However, these activities need intensive data
analysis, which makes Al adoption crucial in this role (Rauch & Frese, 2007). Since Al

facilitates the process of analysing data, it becomes key to this role.

Moreover, expertise in each department can spread their knowledge to other departments, and
at the same time, benefit from other departments' expertise. It can therefore be argued that
BDs are people who gather information from outside the organization (market-sensing), and
integrate their knowledge into it, utilizing Al for generating actionable insights, and
communicate it with other departments, making their role at an interdepartmental level (Wei

& Lin, 2024).
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2.4.3. dynamic capabilities related activities

Dynamic possibilities are crucial for scaling businesses. Teece (2007) presents a definition of
dynamic capabilities as the set of competencies that an organization obtains, enabling it to
navigate the continuously changing environment by adapting internal and external resources.
Additionally, Teece (2007) argues that owning the competencies of organizations does not
mean that the organization is highly responsive to the changes in the market, yet it needs to

develop a set of dynamic capabilities to be able to compete and scale.

Furthermore, Teece (2007) introduces three groups of activities that create together the
dynamic capabilities: sensing, seizing, and reconfiguration. These consist of activities such as
conducting market analysis, defining scaling and monitoring opportunities, business model
innovation, and resource management. More specifically, BDs accomplish this range of
activities; the main task of this role is to identify opportunities and seize them, as they

identify the functional requirements of the consumers.

Another key aspect to discuss is the upskilling of BDs when using Al and CRM systems. In
view of Zhang et al. (2025), competency enhancement is essential for workers when adopting
new technologies, as the workers need the required knowledge to use these technologies.
Furthermore, if an organization fails to upskill its staff, the adoption process fails as well.
This indicates the significance of continuous learning and emphasizes the organization's role
in professionally developing its workers. This raises the question of whether Al simplifies the
business developers' daily tasks or adds new challenges due to the necessity of continuous

learning and upskilling their qualifications.

Despite the fact that business developer roles are strategic and complex, this thesis will focus
on business developers' activities that are related to sales and customer-facing activities, as
these activities are data-intensive and highly integrated with CRM and AIl, and are

measurable daily.

2.5. Business Development Professionals' Roles During Integration with Al

Data analytics is the core task of business development roles. According to Rahman (2025),
data analytics is central to the decision-making process, setting the long-term objectives of
the business, and enhancing the understanding of the market and customers. This indicates

that data analytics becomes more than just a task that a business developer accomplishes; it is
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a strategic tool that fosters the organization's growth. Moreover, considering the importance
of data analysis, data analytical tools are adding strategic advantages for organizations

(Rahman, 2025; Akter et al., 2016; Mikalef et al., 2019).

As a result of the effect of data analysis on scaling organizations, special systems were
introduced that support business developers in accomplishing these data-heavy tasks. A
special tool was developed and is called customer relationship management (CRM).
According to Reinartz et al. (2004), the CRM system was initially designed to address
customer management. From targeting new customers to strengthening the relationships with
existing customers, it extends to eliminating customers that are not profitable (Verhoef,

2003).

Another system that was adopted in companies is Al systems. These systems were used to
increase the efficiency of a company (Davenport & Ronanki, 2018). The successful adoption
of Al depends on how these systems are integrated into the workflow. More specifically,
whether the process is automation or augmentation. According to Davenport & Ronanki
(2018), AI systems create value for businesses when adopting them as supportive tools that
assist humans in completing repetitive tasks, analysing intensive data tasks, and providing
predictive insights that support the decision-making processes. This suggests that the
efficacious adoption of Al occurs when Al supports humans in their work, not replaces them.
However, Al tools affect the skills required for this role. As a consequence of using Al in
their work, there has been a shift in the skills related to the role; workers shift from
operational skills to interpretation and judgment skills, and relationship building (Huang &

Rust, 2021; Davenport & Ronanki, 2018).

According to Jarrahi (2018), Al tools reinforce the decision-making process when integrated
into the workflow, due to the capabilities that AI tools bring to the process of
decision-making. Jarrahi argues that Al advantages the process by applying capabilities such
as speed in analysing and defining patterns in large data sets, completing repetitive tasks, and
creating content. However, it creates unreliable outcomes, and it lacks capabilities such as
creativity, judgment, interpretation, and social interaction, which humans have. Therefore,

combining human and Al capabilities promotes the decision-making processes.

Regarding the same aspect, Wilson & Daugherty (2018) emphasize the importance of human
skills when adopting Al tools. They point out that Al can perform data analytics tasks and

iterative tasks, allowing humans to focus on the strategic work and higher-level tasks. This
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means that Al can create value when supporting humans in their work and not by replacing

them.

Another aspect that Raisch & Krakowski (2021) discuss in their study is the need to upskill
human capabilities when adopting Al. They argue that using Al tools requires humans to
learn new skills. In addition, these skills are important for utilizing Al tools and interpreting
and validating Al outputs. This changes what was expected from the workers, from executing

tasks to pursuing strategic tasks.

However, the influence of Al on business development professionals is still understudied.
Many studies explain the influence of Al on organizational outcomes, such as increased
efficiency and reduced time for certain tasks. Yet, the impact of Al on business developers'

roles is still unexamined.

2.6. Theoretical Synthesis and Application

When applying these frameworks, we will code our collected interview and survey data, by
mapping out gathered responses onto both EPOCH and role-theoretical concepts that are
described in 3.1 and 3.2. In this conceptual framework, EPOCH is used to identify which
human capabilities become central when Al is integrated into business development work,
while Role Theory is used to understand how these changes affect role expectations and
professional identity. EPOCH provides an operational scheme: we will identify instances
where respondents discuss tasks involving empathy, judgment, creativity, etc., highlighting
which elements of their work are “high”-EPOCH, and therefore rely on human presence and
skill. For example, if a business development professional emphasizes relationship-building
or ethical considerations in Al use, these can be mapped to specific EPOCH dimensions -
showing how Al augments or substitutes different types of tasks. Simultaneously, Role
Theory guides us to note any ambiguity or conflict that can be found in our data. For
instance, if a developer feels unclear about new responsibilities while using Al, or feels
pulled between client-centric values and data-driven pressures, this provides signals which
concern role ambiguity or conflict (Rizzo et al., 1970). In this way, EPOCH helps us identify
what types of human capabilities are emphasized, while Role Theory helps us interpret what
these changes mean for the business development professional’s role.

EPOCH highlights opportunities when Al takes over "low”-EPOCH tasks (which can allow

more time for creative or relational work), but also challenges if Al threatens tasks tied to
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core human skills. Role Theory helps us to interpret these as well - for example, efficiency
gains may be seen as opportunities, but disruptions in prior learned and expected tasks could
also trigger uncertainty. We will therefore look for evidence of optimism (e.g. new strategic

focus enabled by Al) versus anxiety (e.g. identity threat in the role of Business Developers).

Overall, these two combined frameworks help us find analytical codes that can be connected
back to our research question: EPOCH-aligned themes connect to how task execution and
value creation shift, while role-theory codes connect to how business developers perceive
their changing role and identify challenges. In this way, our chosen theoretical synthesis
ensures that the empirical analysis remains grounded in both the human-skill perspective and
the organizational role perspective, providing a nuanced basis for interpreting our findings
later on in our discussion-chapter. Together, these concepts form the conceptual framework of
the thesis: Al integration is understood as influencing everyday tasks and competence
requirements, while EPOCH and Role Theory help interpret how these changes reshape
perceived value creation and the strategic role of business development professionals. See
figure 1.

At the same time, both frameworks have limitations. EPOCH is useful for identifying human
capabilities that may complement Al, but it does not fully explain how these capabilities are
negotiated in specific professional roles. Role Theory helps address this by focusing on
expectations, ambiguity and role change, but it is less specific about which human
capabilities become more important in Al-supported work. Therefore, the two frameworks
are used together in this thesis, not as complete explanations on their own, but as

complementary lenses for understanding Al integration in business development work.
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Al integration

| l

EPOCH framework (human capabilities) Role theory

- Empathy * Role-related changes

- Presence - Role expectations

- Judgement - Role ambiguity

- Creativity - Role conflict

- Leadership - Professional identity

l

Perceived value creation

l

Strategic role of business development professionals

Figure 1. Illustration of relationships between this thesis theoretical concepts.
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3. Methodology

In this section of this thesis, the research design will be outlined. In addition, a justification of
the methods used in this research will be presented. The participants' profiles will be
delinelineated, and in the latter part of this section, the data analysis methods will be
specified. The study adopts a qualitative-dominant mixed-methods design within an
interpretive research framework. Semi-structured interviews constitute the primary empirical
material, while a complementary mixed-method survey was included in order to
contextualize and support the interview findings through broader insights related to Al usage,

task transformation and perceived skill changes.

3.1. Research design

This study follows a subjectivist ontology. This study assumes that the effects of Al on
business developers' daily activities can be understood by the perception of business
development professionals of the changes in their tasks and roles. According to Alvesson
(2003), reality is produced by human experiences and perceptions of different events.
Additionally, this thesis follows an interpretivist epistemological approach. Since the study
aims to explore how business development professionals experience Al, the research focuses
on subjective experiences and meaning-making. This, rather than objectively measuring
organizational performance outcomes. Semi-structured interviews and a survey were
therefore designed in order to capture participants’ interpretations and experiences. Although
the study is primarily qualitative and interpretive, a complementary survey containing both
open-ended and closed-ended questions was included in order to contextualize and support

the interview findings through broader patterns related to Al usage and task transformation.

The study adopts a qualitative-dominant mixed-methods design within an exploratory and
interpretive research framework. While semi-structured interviews constitute the primary
source of empirical data, a mixed-method survey was used to complement the qualitative
findings through broader initial insights related to AI usage, task transformation and

perceived competence shifts.

problThe purpose of the thesis is to understand how Al integration reshapes the business
development profession within various roles, with a particular focus on task transformation,
skills required for the role, and perceived opportunities and challenges. According to

(Kristensen et al., 2008), using the mixed-method approach allows for obtaining more
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insightful data, which contributes to a better understanding of the phenomenon under
investigation. On one hand, because the research question focuses on how professionals
experience and interpret Al in their everyday work, a qualitative design is most appropriate
(Maxwell, 2013; Kvale & Brinkmann, 2015). On the other hand, an important aspect to
capture is the diversity of scale, since the use of Al is more dependent on the task context and
the user experiences. A mixed-method survey was designed and shared to capture the
phenomenon. Some questions were open-ended, and others were multiple-choice. These
questions helped in collecting data from many respondents and identifying differences across
various roles. While the qualitative interviews provided in-depth understanding of
participants’ experiences, the survey allowed us to capture broader patterns related to Al
usage, task transformation, and perceived skill changes across multiple respondents. (Younas

etal., 2023).

The study follows an abductive logic. This means that the analysis was conducted as an
iterative process, moving back and forth between empirical material and theoretical
frameworks. Rather than testing predefined hypotheses, the study develops interpretations
through continuous dialogue between data, Role Theory, and the EPOCH framework (Dubois
& Gadde, 2002). This abductive approach supports theory-informed but flexible analysis of

emerging patterns throughout the analytical process..

The overall design can be described as a small-scale comparative qualitative study supported
by a mixed-methods survey. Together, these materials allow both in-depth exploration of
lived work practices and broader contextual understanding of how the business development

profession is formally framed in the labour market.

While developing the research framework, a methodological issue arose concerning how to
frame the research. Initially, this thesis was aimed to be a qualitative research thesis , yet
there are some questions (multiple choice) from the survey that were designed to collect
numeric data. However, these questions generate quantitative data, and they were used to
introduce qualitative insights that helped in understanding the interview and survey data, and
thus the influence of Al on business development professionals. Ultimately, the thesis was
framed as a qualitative-dominant research design, with supplementary quantitative and

qualitative survey data.
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3.2. Literature Study

Although the literature review is presented earlier in the thesis, it plays an important

methodological role in the research process.

First, the literature review helped refine the research focus and clarify key conceptual
distinctions, such as automation versus augmentation and role expectations versus task

execution.

Second, it informed the design of the interview guide. Concepts from Role Theory and the
EPOCH framework were used as sensitising concepts to ensure that interviews addressed

relevant dimensions of role change.

Third, the literature review supports abductive analysis. During data interpretation, empirical
findings are continuously compared with theoretical perspectives. This allows refinement of
theoretical understanding rather than simple confirmation of predefined categories (Dubois &

Gadde, 2002; Maxwell, 2013).

Importantly, the literature review is not treated as empirical data but as a conceptual and

analytical foundation guiding interpretation
3.3. Selection of Organisations and Interviewees or Respondents

This study targeted business development professionals and professionals working in closely
related to business development roles. However, initially, it aimed to target business
developers, but due to the definition ambiguity, more professionals were included in this
study. As mentioned earlier, the business development concept is underdefined, and when
identifying the core activities comprising business development, it became clear that there is
no single role that is entitled to these activities. Thus, many roles were included in the survey,
for instance, business development representatives (BDRs), see Table 1. Moreover, 13
respondents of the survey have more than 7 years of working experience, see Table 2. The
final sample consisted of 63.3% males and 36.7% females. Alternatively, survey respondents
occupy different roles. In addition, the survey respondents were based mainly in Europe.
Regarding the interviews, all participants were located in Sweden, and some participants
were interviewed and asked about their experiences and their perception of Al's impact on

their work. See table 3 for more information about the interviewees profiles.
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Category n. %

Role

Business developer 7 22.6%0
BDR 10 32.3%
Business development manager | 6 19.4%%
Account executive (AE) 5 16.1%
Sales director 1 3.2%
Senior Sales Manager 1 3.2%9
Sales development 1 3.2%

Table 1. Business development-related roles of the survey respondents (Source: the authors of

this thesis)

Category

Years of experience

%

13 15 48.4%
4.6 3 9.7%

7-10 4 12.9%
10+ 9 29.0%

Table 2. Years of experience that survey respondents have (Source: the authors of this thesis)

Category | Age Gender Job Title Year of Municipality
Participant Experience
Participant A 47 Male Business Developer 20 + years Skovde
Participant B 40 Male Business Developer 15 years Skovde
Participant C 36 Male Business Developer 10 years Karlskrona
Participant D 45 Female Business Developer 18 years Gothenburg
Participant E 53 Male COO and Head of 20 + years Malmd

Innovation

Table 3. The interviewees’ profiles.
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3.3.1 Sampling process

We based our sampling process on a combination of methods, using both purposive sampling
and self-selection sampling with a snowball element (Bryman & Bell, 2015). For the
interviews, purposive sampling was used, and in practice, this meant that we conducted
online searches for active business development professionals and organizations connected to
business development, then contacted those that appeared relevant to our study's purpose.
The responding individuals or organizations were also asked to forward the request to
colleagues or other contacts with relevant experience, which added a snowball element to the
sampling process. For the survey, self-selection sampling was used, as we shared the survey
on LinkedIn and asked respondents from the intended target group to answer. This was
suitable for us because the survey aimed to reach professionals with relevant experience,

rather than to produce a statistically representative sample.

Since business development professionals can have other official working titles, we clarified
our sampling criteria in our invitations and encouraged participation based on actual work
tasks and role relevance, rather than formal titles only. Our sampling criteria were: (1)
working in or close to a business development-related role, (2) having experience of using Al
in their work context, and (3) being willing and able to reflect on how Al influences task
execution, competence requirements, and/or perceived value creation. The sampling was
therefore guided by relevance, access, and participants’ ability to contribute to the research

question (Bryman & Bell, 2015; Saunders et al., 2019).

3.4. Construction of Interview-guide & Survey

3.4.1. Constructions interview-Guide

In order to achieve this thesis’ aim, semi-structured interviews were chosen because they
allow both comparability across participants and flexibility to explore individual experiences
in depth (Kvale & Brinkmann, 2015). Following Kvale and Brinkmann’s (2015) view of
qualitative interviews as guided but flexible conversations, the questions were developed to
move from broader background questions about the respondents’ roles toward more specific
questions about their experiences of Al integration at work. Follow-up questions were
included when needed, in order to capture examples and individual interpretations. Each

interview is planned to last approximately 30-60 minutes. Interviews are conducted online or
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in person, recorded with informed consent, and transcribed for analysis. The interview guide

1s structured around:

The participant’s role baseline and key responsibilities

e Concrete Al-supported work episodes

e Perceived changes in task composition

e Reflections connected to role expectations, ambiguity, conflict, and identity

e Experiences related to EPOCH-related capabilities (e.g., empathy, judgement,

creativity)

The focus on concrete episodes supports credibility by grounding interpretations in actual

work situations rather than abstract opinions. See Appendix 2 for the interview guide.
3.4.2. Construction of Survey

To complement interview data, the study includes a survey that was designed and shared with
professionals who are contributing to the business development function of their
organizations. This implies that the data collected from the survey extends the knowledge
generated throughout this thesis. Moreover, the survey let us compare how accomplishing

tasks was transformed, by a large sample size, and to identify the frequency of use of Al

This thesis examines how Al is transforming the activities of business development
professionals, so the survey was designed to collect two types of data: data that can be
measured, such as the frequency of Al, and the impact that participants are experiencing on
their different tasks. This data was collected through a quantitative approach. While the
second type of data is how they perceive the change of their tasks due to Al usage, a

qualitative approach was used to collect this data.

To illustrate how the survey was designed, a detailed overview of the questions and their
purpose is presented next. The survey starts with a few questions about the respondents
themselves, such as their age, gender, job title, and years of experience. The purpose of such
questions is to build a participants' profile and validate their relevance to the topic under

investigation.

26



The question about the frequency of Al use was designed to capture to what extent Al is
embedded in the daily work of a BDP. In addition to that, this question provides a context for

interpreting upcoming questions related to the daily activities of a BDP.

Additional questions were designed to capture changes in time and effort spent on specific
tasks. These questions contributed to answering the research question, and inquired about the
changes in the three categories of BDPs activities: market-sensing activities,

boundary-spanning activities, and dynamic capabilities activities.

Additionally, some questions of the survey aimed to investigate the skills that are discussed in
the EPOCH FRAMEWORK, and the skills expectations dimension of the role theory. See

Appendix 3 for the survey questionnaire .

3.5. Data Collection

The data collected to conduct this thesis came from two resources. These two sources serve
different but complementary purposes. Interviews provide insights into enacted role practices,
while the survey produces an understanding of how Al usage is perceived by different roles

and tasks.
3.5.1. Semi-Structured Interviews

The core data consists of five semi-structured interviews with individuals working in business
development or closely related roles. Given the limited number of interviews, sample
adequacy is justified through the concept of information power. When the study has a narrow
aim, a specific participant group, and strong theoretical anchoring, a small number of
interviews can provide sufficient depth for meaningful qualitative analysis (Malterud et al.,

2016).

Two interviews were conducted in person, with the interviewer at the workplace of the
interviewee. These interviews took place at Skovde. While the three other interviews were
conducted virtually, via Zoom meetings, interviewees were based in Malmd, Gothenburg, and

Landskrona. The interviews’ duration range between 30 and 60 minutes.
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During the interviews, follow-up questions were asked, and the interviewees’ answers were
rephrased and made sure that the interviewer understood the meaning. The purpose of the

follow-up questions was to deepen the understanding of the interviewees' experiences.
3.5.2. Survey

The survey was designed through Google Forms, and the link was distributed via LinkedIn
direct connection. A message was sent to every participant before sending the survey link.
The message explained the topic of our thesis, the purpose of the survey, and that it would be
used for educational purposes only. After a week of distributing the survey link, a kind
reminder message was sent to the recipients to ask them to fill in the survey, ensuring that it
would take a few minutes of their time. The survey was filled in by 31 respondents; all

responses were considered valid, and no responses were excluded.
Data collected throughout the survey consists of two types:
3.5.2.1. Qualitative Survey Data

This data is collected from open-ended questions, where participants were asked about their
experiences and how they perceive the adoption of Al and its impact on the skills required for

their work. This set of data was analysed following the same structure as the interviews.
3.5.2.2. Quantitative Survey Data

This set of data was generated from the multiple questions on the survey and the
closed-ended questions. These questions allow us to identify the frequency of Al use and
trends. In addition, a descriptive statistical analysis was performed in order to generate

knowledge (Kaur et al., 2018).

By combining these two data types, they provide a deep understanding of the transformation
that business development professionals are experiencing due to Al adoption. On the one
hand, quantitative data allows us to identify patterns. On the other hand, the qualitative data is

used to investigate these patterns and broaden our knowledge of them.
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3.6. Data Analysis

3.6.1. Semi-structured interviews

The study uses reflexive thematic analysis to identify, interpret, and develop patterns across

the empirical material (Braun & Clarke, 2006, 2019). The analysis proceeds in several stages:

1. Familiarisation with the material through repeated reading of transcripts and job
advertisements.

2. Initial coding of meaningful segments and recurring patterns in the data.

3. Development of first-order concepts through clustering related codes, which later
developed into broader themes.

4. Refinement of themes in dialogue with theoretical frameworks.

Coding combines theory-informed and data-driven elements. Theory-informed coding draws

on:
Role Theory (role expectations, role ambiguity, role conflict, role identity)
The EPOCH framework (Empathy, Presence, Opinion/Judgement, Creativity, Hope)

At the same time, new themes emerging from the data are allowed to develop inductively.
This hybrid coding strategy aligns with the abductive research design. Throughout the
analytical process, themes were ongoingly refined through iterative movement between
empirical material and theory. Comparative analysis is conducted across participants to

identify similarities and differences in how Al integration is experienced.

The interview data was first coded inductively, meaning that the initial codes and themes
were developed from recurring patterns in the interview material rather than being directly
imposed from theory. In a later stage, the themes were interpreted in relation to the EPOCH

framework and Role Theory.
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Example Codes

First-order Concepts

Final Themes

+ Daily use of Al

+ Al tool as a support

¢ Use Al in every task when preparing for
a meeting except the meeting itself

Al as everyday support
Al before and after interaction
Al as part of daily workflow

1. Al as an Embedded Work Companion

+ Reduced repetitive tasks

* Reduced time spent on rule-based,
routine activities

+ More spare time to be spent on strategic
work

Reduced administrative work

Faster task execution

More time for reflection and strategic
work

2. Shifts in Task Execution and Work
Logic

¢ The need to learn how to use Al

¢ Questioning the technology, assist Al
outcomes

+ Strategic thinking is crucial for the role

Al literacy

Critical evaluation of Al outputs
Strategic thinking and human
judgment

3. Evolving Competence Requirements

+ Remapping how value is created, e.g.,
value was created by BD through
generating content, but now is created by
evaluating Al outcomes

Value through evaluation
Value through interpretation
Value beyond Al-generated output

4. Reconfiguring “Value Creation”

Table 4. The emerged themes derived from analysing data.

3.6.2. Survey

The qualitative data collected, which provided insight into the need to reconfigure

capabilities, the allocation of time across tasks, and the impact of Al on respondents'

efficiency, were analysed and systematically reviewed. Repetitive responses were identified,

and similar responses were grouped into themes. While the quantitative data, which consisted

of percentages of respondents expressing their opinions in a statement, their ages, and years

of experience, were analysed using descriptive statistics, percentages and frequencies were

calculated. This data was used to identify patterns between participants. The data collected

through the survey were analysed in order to contribute to answering the research question,

indicating that the research question guides the analysis process.

information regarding the themes emerged from analysing the collected data.
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3.7. Ethics

To achieve the aim of this thesis, personal data were collected and analysed. This data is
about participants' experiences and their perception of the changes in their work due to Al
adoption. Given that personal data is sensitive, special procedures were followed to ensure
the protection of the personal data of the participants. Interviewees' real names are kept
anonymous, and they were given fictitious names. Moreover, participants were asked to fill
out the survey anonymously, and they were informed that they could withdraw at any time
without compromising their personal data. Before the interviews, two interviewees signed the
consent form, while in the virtual interviews, the participants gave their consent for
participating verbally. Before all interviews started, participants were asked for their
permission to record the interviews to ensure accuracy in collecting the data. Additionally,
when presenting the interviews’ findings, only data related to the research topic were
presented. Regarding the survey, all participants were asked to fill out the survey
anonymously, and they were informed that they could withdraw at any time without
compromising their personal data. See Appendix 1 for the whole participant information

sheet and the consent form.

3.8. Trustworthiness, Validity & Reliability

This thesis gained its credibility from several factors, for example, all of the participants in
the interviews were business development professionals who had experience in their roles
before and after the adoption of Al. Due to the open-ended questions of the interviews, they
were given the opportunity to express their experiences and their opinions freely and without
bias. In addition, the survey data complemented the interview data. Another factor that
contributes to the credibility of the thesis is adding quotations from the participants'
conversations.

To ensure confirmability, the participants of this study were chosen by structured criteria,
where participants were not chosen because they had met a hypothesis set by the authors, but
rather they had to meet some conditions which were set to answer the research question.
Thus, authors avoid bias and stay objective. According to Robinson (2014), researchers in
qualitative research, they could maintain their objectivity by choosing the sample of the study
according to a set of criteria that are set to answer the research questions, and not choosing

cases that align with their hypothesis.
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3.9. Limitations

Limitations are worth mentioning, and this research study faces some deficiencies. The first
limit is the small number of participants. Only five business development professionals
volunteered to participate in the interviews, while 31 respondents participated in the survey.
This small sample could impact the generalizability of the findings of this study. Another
limit is the short duration of the interviews. Interviewees were busy, and two of them were
interviewed in 30 minutes. Moreover, all of them had no time for follow-up interviews in
order to extract more data from them. In addition, the rapid pace of Al development means
that both tech and work practices continue to evolve quickly, making these findings
contextually time-sensitive. We’d like to encourage future research to examine larger samples
and longitudinal perspectives in order to better understand how professional roles continue to

evolve alongside Al development.
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4. Empirical Findings

In this section, data collected from the interviews and survey will be presented. Moreover, the
data will be analysed and grouped into themes that emerged when analysing our data. Each
theme will be presented with examples from interviewees' speeches or from the survey
answers. Themes were developed from recurring patterns in the empirical material and later

interpreted in relation to the theoretical framework.

4.1. Survey Results
This section presents the survey results as a commentary on the data collected throughout the
interviews. The survey captured the rate of Al use in business development across daily
activities and the ways in which Al has transformed those activities. For example,
participants were asked whether Al has changed the amount of time they spend on their
activities. Moreover, participants were surveyed about their perception of how Al evolves

skills required for their roles.

4.1.1. Al as an Embedded Work Companion

In this section, the question is how often the participants use Al in their work. The results are
presented in Table 5. The results show a consistency of a dominant pattern, with almost all
respondents saying that they utilize Al daily to do their work. Only one respondent chose the
option weekly, indicating that he does not use Al every day. This data shows that Al is

embedded in the daily activities of the business development professionals.

Category n. %
Frequency
Daily 30 96.8%
Weekly 1 3.2%
Monthly 0 0

Table 5. The frequency use of Al by participants (Source: the authors of this thesis)
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4.1.2. Shifts in Task Execution and Work Logic

This section presents the answers to the three questions of our surveys, inquiring about the
changes that participants experience while using Al and performing their tasks, see table 6.
Questions were about the time spent on various tasks. In addition, they were asked about the
tasks that they use Al to complete. Participants' responses show, for instance, that they are
currently spending more time on strategic work than before adopting Al. Another piece of
evidence from the survey responses is that participants are spending less time on reporting
than they spent before Al adoption. However, the respondents' responses express that they
spend almost the same amount of time on human interaction as they did before Al adoption,

see Table 7 for more time allocation due to Al adoption.

Category n. %
Task
Writing Emails 25 80.6%
Market Research 14 45.2%
Data Analysis 21 67.7%
Lead Qualification 8 25.8%
Research 11 35.5%
Reporting/Brainstorming 1 3.2%
Reporting | 3.2%
Deal reviews/ Feedback for | 1 3.2%
Development/ Fact Gaining
on Customer Accounts

Table 6. Tasks that participants use Al to perform (Source: the authors of this thesis)
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Task Mean
Outreach 3.43
Strategic work 3.32
Human Interaction 3.11
Market Research 3.07
Lead Generation 2.97
Reporting 2.82

Table 7. Mean responses of changes in time spent on BDPs’ various tasks. (Source: the

authors of this thesis)

4.1.3. Evolving Competence Requirements

After the adoption of Al, business development professionals experience the calls for
development of their competencies, as some pointed out that they need to learn how to use Al

tools, see table 8, 9

Assessment | Strongly Disagree | Neutral Agree Strongly

Disagree Agree
Statement

AT Enhances My 0 0 2 17 11
Efficiency

AT Reduces Iterative | 0 0 5 12 12
Work

I have experienced 1 1 10 13 5
technological skills

Realignment

The Reduction of |0 0 3 15 12

Iterative Tasks Let Me
Focus More on Creative

and Strategic Work

Table 8. The respondents' perception of the impact of Al on their efficiency and the need to

evolve their skills.(Source: the authors of this thesis)
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Category n. %
Skills
Communication 27 90%
Relationship Building 22 73.3%
Data Analysis 8 26.7%
Al/ Technical Skills 11 36.7%
Strategic Thinking 19 63.6%

Table 9. The core skills of the business development professions, according to the responses

(Source: the author of this thesis)

When participants were asked about skills that became crucial to business development

professionals due to Al use, their answers were analysed and grouped into these categories:

I.  Human interactions:

10 respondents emphasised the importance of skills that are related to the human factor, for
example, some respondents pointed out that in the Al era, the ability to build relationships is
crucial, because Al can not help with this skill. Workers should be able to do it themselves.
Other respondents named communication as a key skill for business development

professionals to succeed in their roles.
II.  Technical skills:

19 respondents mentioned that knowing Al is key to their work. Many of them stated that
they had to learn how to use Al tools and use them to do iterative tasks to have more time for

strategic work.

II.  Critical assessment:

10 respondents highlighted the importance of evaluating the Al outcomes. They stated that
the user needs to harness his ability to judge to assess the results that Al generates. Two
participants stated that Al can not be trusted, and the end user should use their expertise and
evaluate the outcomes to determine the validity of these outputs. One of them wrote
question the technology” meaning you can not trust the technical tool you are using; you

need to assess its results.

36



IV. Intellectual competence:
17 respondents specified that strategic thinking is the crucial skill for their role. In addition,
two respondents mentioned resilience as the key skill. Others talked about curiosity, learning

agility, perseverance, intelligence quotient (IQ), emotional quotient (EQ), and prioritization.
4.2 Interview Findings

This section presents the findings gathered from our 5 interviews, with a continued focus on
how business developers experience the integration of Al in their everyday work. We have
structured our findings around four interrelated themes that emerged from our gathered
material, capturing how Al is used in practice, how it reshapes task execution, how
competence requirements evolve and how Business developers' way of creating value has

changed within the role.
4.2.1 AI as an Embedded Work Companion

Across all interviews, Al is described not as a separate or occasional tool, but as an integrated
and continuously present component of their everyday work. Meaning that rather than being
used for isolated tasks, Al now influences multiple stages of their work process, supporting
both preparation, execution and follow-up activities. In addition to being embedded in
individual workflows, the interview findings also indicate that Al is increasingly embedded at
an organizational level. One respondent emphasized that Al no longer is only used as a
support tool in daily operations, but is also shaping how the organization positions itself and
develops its offerings; describing Al as something that the company is “building our strategy
around” - suggesting that its role extends beyond task support and into broader strategic

decision-making.

Several respondents describe how Al has become part of their default way of working,
particularly in tasks related to information processing, documentation, and idea generation.
One interviewee explains that Al is used in almost everything except the meeting itself,
highlighting how tools are integrated before and after interactions, rather than replacing them
entirely. Another respondent describes Al as a “second brain” used to structure complex

projects, manage information and support ongoing decision-making processes.

“I don't have to focus on taking notes, I don 't have to focus on administration, I can focus on

the conversation. I can focus on the core of my work.”
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At the same time, Al use is not used equally across individuals. While some respondents now
heavily rely on Al for drafting, structuring and summarizing content, others emphasize its
role more as a collaborative partner in their thinking processes. For example, one interviewee
explains that rather than delegating tasks fully, they “work together” with Al, using it to
explore ideas, test directions and move forward in complex situations. This can suggest that
Al is not only used for efficiency gains, but also as a cognitive support tool that enables

reflection and can contribute with inspiration in different tasks.

Despite this widespread use, the interviews consistently highlight that Al is not perceived as
self-sufficient. Instead, it is described as dependent on human input, guidance and
interpretation. In other words, the ability to prompt correctly and to understand its responses
is up to each Business Developer to “know how”. Our respondents emphasized the
importance of actively engaging with their collected Al outputs, rather than passively
accepting them. One interviewee explicitly contrasts “using Al as support” with “letting it do
the work”, arguing that the later alternative undermines basic understanding of the task and

also reduces the quality of outcomes.
4.2.2 Shifts in Task Execution and Work Logic

The interviews revealed that Al has significantly altered how tasks are performed, even
though the overall nature of the role remains largely unchanged. Rather than eliminating
tasks, it seems that Al more so reshapes how they are executed - often by redistributing effort

between automated and human-driven components.

One recurring theme was the reduction of time spent on administrative and repetitive tasks.
Activities such as documentation, note-taking and information gathering are described as
having become significantly more efficient. One respondent highlighted how Al-assisted
note-taking allowed them to “focus fully on the conversation”; instead of dividing attention
between the interaction that is happening, and its required documentation. Similarly, another
interviewee explained that tasks which previously required several hours, such as (the given

example:) Compiling workshop materials can now be completed in a fraction of the time.

However, this increased efficiency does not necessarily, or only, lead to a reduced workload.
On the contrary, several respondents describe how the time saved is quickly reallocated to
additional tasks, resulting in an overall increase in productivity expectations. One interviewee

noted that while they are able to complete more tasks within the same timeframe as before
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Al, this often leads them to an expansion of responsibilities rather than a reduction in their
effort. This can suggest that Al contributes to an intensification of work, where increased

capacity is converted into increased output.

“So I think its important that yes, you become faster, you become more efficient, work
becomes easier, but it is also very important to keep time for reflection. Because the work

usually doesn t happen in the meeting itself. It happens after, before, or around it.”

The findings also indicate that workflows are becoming more and more iterative and
dynamic. Instead of them following a linear process, respondents described a more fluid
interaction with Al, where outputs are continuously generated, evaluated and refined. In this
sense, Al enables faster movement between different stages of work, but still requires

ongoing human oversight.

We also learned that new forms of work are emerging. These include tasks related to
structuring information, managing Al-generated outputs and ensuring data quality. One
respondent explains that they now need to be “more structured” in how they organize
documents and workflows, as Al-based systems depend on well-organized inputs. This
indicates that - while Al reduces certain types of effort - it also and simultaneously introduces
new requirements for managing its complexity. This suggests that Al does not simplify work
in a clear straightforward way, but more so transforms the logic of task execution - shifting
work from manual production toward coordination, validation and continuous interaction

with Al-tools and processes.
4.2.3 Evolving Competence Requirements

The integration of Al in business development work seems to be closely associated with
shifts in competence requirements. The interviews indicate that while some traditional skills
become less central, others gain increased importance, particularly those related to judgment,

interpretation and relational interaction.

One of the most frequently emphasized competencies found in our interview-material is the
ability to critically evaluate Al-generated outputs. Respondents consistently pointed out that
Al can produce convincing and well-structured content, but that this content is not always

accurate or contextually appropriate. As a result and as mentioned before, the role
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increasingly requires the ability to assess whether outputs are reliable, relevant and suitable
for the specific situation. One interviewee describes this as the need to “not settle for the first
answer”, but instead engage in deeper evaluation and refinement of the particular answer
before it is put into use. In addition, the ability to work strategically with different kinds of
information is highlighted as increasingly important. As Al enables rapid access to a large
amount of data, the challenge shifts from obtaining information — making sense of it. Our
respondents emphasized that the value lies not in the information itself, but more in how it is

interpreted and applied.

“[ start writing something, I gather the basics, then I use ChatGPT to ask: okay, how do I
connect this into a larger context? [...] What do I agree with? What do I disagree with? What
should I change?”

Relational and interpersonal skills seem to remain central, and are in some cases becoming
even more important. Respondents highlight that business development often involves
working with individuals in uncertain or vulnerable situations (from a business point of
view), where trust, empathy and communication are critical. These aspects of the role are

consistently described as beyond the capabilities of Al.

The interviews also pointed out the growing importance of knowing how to use Al as a
baseline competence. They included knowledge and understanding of how to use different
Al-tools, formulate effective prompts and integrate Al into their daily workflow as
increasingly important. But this competence was not framed as a purely technical one, but as
a part of a broader ability to combine Al and its support - together with human judgment.
This suggests that competence requirements are shifting from execution-oriented skills
toward higher-level capabilities such as evaluation, interpretation and relationship
management. Rather than reducing the need for human expertise, Al appears to increase the

importance of these competencies within the role.
4.2.4 Reconfiguring Value Creation

One of the more central themes across the interviews concerned how Al is now reshaping
what is perceived as a valuable contribution within the role of business developers. While Al

clearly and not surprisingly enhances efficiency and supports information processing, our
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responses suggest that how a Business developer contributes with value in their work place
nowadays, increasingly is based on how Al outputs are promoted, interpreted, adapted and

embedded in their work context.

We argue that a key observation is that tasks related to producing text, gathering information
and structuring basic outputs are becoming less central as a way of contributing with value
for each own organization. Since these activities can now be performed quickly with Al
support, these tasks' relative importance decrease. Instead, respondents emphasize that value

lies in what happens after the initial Al-output is generated.

This includes interpreting results, identifying limitations and adapting content to specific
contexts. One interviewee highlights that Al can provide black and white answers, but that
real value for a Business Developer is found in the gray areas, where nuance, context and
deeper understanding are required. This can suggest that value itself is increasingly linked to
the ability to move beyond standardized outputs, and rather more about how you engage with

its complexity.

The relational dimension of work is consistently emphasized as a core source of how to find
and fully leverage value. All respondents kept focusing on that business development
fundamentally involves trust, relationships and interpersonal interaction. One interviewee
states that “people do business with people”, underscoring the importance of human presence
when creating meaningful connections. In this context, Al is described as supporting the
process, but not replacing the relational foundation of the work. When asked if they thought
that Al completely could or would replace their role in the next 5-10 years, all respondents

answered no.

“I think Al can replace maybe eighty percent of my role, with all the data and fact-based
information. But running a company today |[...] is about relationships, networks, people, and

decisions that are not based only on facts.”

We found it interesting that some respondents also point to potential unintended
consequences of Al use in this area. For example, the automation of introductory tasks, such
as gathering basic company information, may reduce opportunities for informal interaction

and relationship-building. What was previously a natural way to ease into conversations and
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build trust, may be lost when such steps are bypassed. Finally, the findings indicate that
value, by a Business Developer, is increasingly associated with the ability to balance
efficiency with reflection. One respondent really emphasizes this - the importance of
maintaining time for reflection, while arguing that insights and ideas often emerge outside of
the immediate task execution. In this sense, value is not only created through doing more, but

also through creating space for thinking and sensemaking.

Taken together, the interviews suggest that Al contributes to a shift in how Business
Developers create value - from production to interpretation, from execution to judgment and
from individual output to relational and contextual understanding. Yes, no doubt is that Al
enables faster and more scalable work, but our findings show us that the role of a business
developer remains grounded in human capabilities that extend beyond what Al can

(currently) replicate.

4.2.5 Summary of Interview Findings

Taken together, the interview findings show that Al has become a natural part of the
everyday work of business development professionals, but not in a way that removes
the human role. Instead, the findings suggest that Al mainly changes what the human
role is needed for. Al supports preparation, documentation, idea generation and
reflection, which makes it easier to handle repetitive and information-heavy tasks. At
the same time, this also changes the logic of work, since professionals can complete

tasks faster and spend more time on interpretation, follow-up and strategic thinking.

The four themes are therefore closely connected. First, Al becomes embedded as a
work companion in daily practice. This then changes task execution, especially by
reducing administrative and routine-based work. These changes also create new
competence requirements, since business development professionals need to
understand, question and refine Al-generated outputs rather than simply use them.
Finally, this affects how value creation is understood. Value is not only created by
producing content or analysis, but by evaluating, adapting and embedding

Al-supported outputs in a specific business and relational context.

In this sense, the interview findings suggest that Al does not replace the business

development professional, but shifts the role toward more interpretive and relational
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forms of work. This provides us with a basis for the following discussion, where our

findings are interpreted through the EPOCH framework and Role Theory.
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5. Discussion

In this section, the transformation of the business development professionals' roles is
discussed in depth, and the theoretical framework of this study will be used to interpret the
data collected.

The discussion will be structured around four themes that emerged from analysing our
collected data: Al as an Embedded Work Companion, Shifts in Task Execution and Work

Logic, Evolving Competence Requirements, and Reconfiguring Value Creation.
5.1. Al as an Embedded Work Companion

The collected data from the survey demonstrated that 96.8% of the respondents use Al tools
daily, while only 3.2% use these tools weekly. Additionally, all interviewees expressed that
they use Al tools in their daily work. An interviewee described how the work is done using
Al “we work together”, indicating that Al tools are considered to support the process of
achieving daily activities, rather than replacing the human side of work. Moreover, the
interviewees shared their experience, describing how their daily work changes due to Al
adoption.

Our survey responses showed that 80.6% of the respondents use Al in writing emails, and
67.7% of the respondents use Al in data analysis tasks. 45.2% of the respondents stated that
they use Al for market research-related tasks. In addition, 25.8% of the respondents specify
that they use Al for completing lead qualification tasks.

This is evidence that Al is not just a tool that business development professionals use
occasionally to increase their efficiency, but is embedded in their work, and that it is
perceived as a colleague of theirs. One interviewee mentioned that Al is involved in every
task that a BDP does in preparing for a meeting, according to him, except for the meeting
itself. That means that despite the increasing Al involvement in the BDP tasks, the BDP
capabilities stay crucial for a successful integration. All participants highlighted the
importance of human capabilities in this integration process of Al into BDP's daily work. For
example, an interview stated that AI outcomes can not be trusted, and that he always
validates and controls the Al tools' outcomes. In addition, many survey respondents
expressed that they do not accept Al outputs, but rather they validate and assess whether
these outcomes are reliable or not. Another respondent mentioned that he does not trust the

technology represented by Al
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As a result of these responses, it's arguable that Al is augmenting business development
professionals instead of replacing them. The participants' responses confirm that Al tools
cannot replace BDPs, and human capabilities remain significant. Since Al outputs are not
trusted and always need to be evaluated, even the inputs of Al tools should also be monitored
and controlled by the BDPs. This makes it almost impossible, for the present, to replace and
occupy the human factor and its role in the daily work of a DBP. This aligns with the existing
literature on augmentation, which implies that Al is augmenting roles instead of automating
and eliminating the human element of them (Enholm, 2022).

Considering these findings together, they are suggesting that Al tools are not like any other
tools that BDPs use to increase their efficiency; conversely, Al is perceived by BDPs as a
partner who helps them to complete their tasks. This means that Al is embedded in the daily
activities of BDPs.

Although Al tools were described as not trusted by the participants, data reveal that these
tools are embedded in everyday tasks and workflow of BDPs. This leads to the inquiry, why
do business development professionals continue to use Al tools even though their results are
not reliable? A possible reason for the continuing use of Al tools by BDPS is that these tools
are reliable for completing tasks such as iterative tasks and administrative tasks; however,
these tools are not reliable for strategic tasks or decision-making tasks.

As a consequence of Al being embedded into the workflow and daily activities of BDPs, their
roles' expectations and responsibilities have changed.

According to Rizzo et al. (1970), every role has its responsibilities and expectations that are
associated with it. On the one hand, what is expected from business development
professionals has shifted due to Al adoption because BDPs are increasingly involved in
activities such as evaluating Al inputs and outputs. Previously, a BDP was responsible for, for
example, but not limited to, generating information, conducting research, taking notes at a
meeting, and conducting the meeting. While currently, a BDP is responsible for activities

such as controlling Al inputs, validating Al outcomes, interpreting the results of Al tools, etc.

On the other hand, Al tools have also changed the responsibilities of business development
professionals. What was expected from BDP before the adoption of Al differs from what is
expected from them after the adoption of Al tools. At the current time, BDPs have new
responsibilities; for instance, they are expected to interpret and validate Al outputs, which did

not exist before Al adoption.
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5.2 Shifts in Task Execution and Work Logic

Interestingly, the survey data reveals that almost all respondents reported using Al on a daily
basis. This percentage is highly significant, indicating that the changes in the roles, skills, and
expectations are not temporary but deeply embedded. It means that the adoption of Al has
become a part of the role, and not just a tool that is used to do tasks. Taken together, these
findings suggest that Al is transforming the roles of business development professionals, not
just making small changes to their tasks. Further data reveals that Al has increased the
workers' efficiency. Many interviewees pointed out that Al has eased tasks such as taking
notes in meetings, allowing them to focus on the meeting itself. Others stated that Al has
reduced iterative tasks, allowing them to focus on strategic thinking. These are what make
business development professionals believe that Al is increasing their efficiency, which is
also shown in the survey results. This means that Al does not only change what tasks are
performed, but also how business development professionals organise and understand their
everyday work logic.

When analyzing our findings through the EPOCH-framework (Loaiza & Rigobon, 2024) and
complementing it with parts of Role Theory (Kahn et al., 1964; Rizzo et al., 1970), we learn
that Al appears to redistribute effort between automated and human-driven components of
work. The most visible change is that administrative and repetitive tasks are increasingly
supported by AI, while human attention is moved toward interpretation, preparation,
follow-up and strategic thinking. This is consistent with the EPOCH framework, since tasks
that are routine-based and less dependent on human emotional, relational or judgment-based
capabilities are more likely to be supported or automated by Al (Loaiza & Rigobon, 2024).
Another insight from our data is that Al in an indirect way increases the relative importance
of human capabilities. By reducing time spent on administrative and repetitive tasks, our
findings show that activities - such as documentation and information gathering - have
become significantly more efficient. A large majority of our responses support this by stating
how they, nowadays, have time for more work tasks, on a daily basis. In relation to task
execution, this suggests that Al creates more capacity, but not necessarily less work. Instead,
the saved time is often redirected toward more tasks, more preparation, more follow-up or
more strategic work. However, while it states clearly that Al increases efficiency, several
respondents describe how this often leads to higher expectations, rather than reduced
workload. This can be interpreted as a shift in role expectations; where business development
professionals today and next to Al are expected to deliver both increased output and

maintained relational quality (Kahn et al., 1964; Rizzo et al., 1970). This creates a changed
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work logic where efficiency becomes both an opportunity and a possible pressure. Business
development professionals are not only expected to use Al to complete tasks faster, but also
to make sure that the increased speed does not reduce quality, reflection or contextual
understanding.

This also connects to Role Theory. Role Theory (Kahn et al., 1964; Rizzo et al., 1970) helps
explain how Al changes not only the task itself, but also the expectations connected to the
role. Before the adoption of Al business development professionals were expected to collect
information, prepare for meetings, take notes at the meeting, and communicate during the
meeting. However, these expectations were changed due to Al systems, and not only because
of social or organizational changes. Currently, business development professionals are
expected to communicate, maintain relationships, and interpret the AI outputs. The
interaction between humans and Al tools is therefore setting new boundaries for their roles.
The findings also indicate that workflows are becoming more iterative and dynamic. Instead
of following a linear process, business development professionals now move between
Al-generated outputs, human evaluation and further refinement. This means that work is
increasingly organized around continuous interaction with Al, where outputs are generated
and adjusted, then later used as part of a broader professional process. This also supports
Raisch and Krakowski’s (2021) argument that automation and augmentation are intertwined.
Al does not simply replace human work, but reshapes the balance between Al-support and
human judgment.

Based on the data analysed in this section, it can be argued that Al has moved parts of the
business development profession from execution to evaluation. A possible explanation for
this, as shown by the interviewees, is that they are now using Al as a support and not letting it
do the work; they just provide inputs, guide, and interpret outputs. Again connecting back to
Role Theory; the expectation from the role has changed, and what was expected from the
business development professionals before the adoption of Al differs from what is expected
after the adoption. Collectively, these findings indicate that Al has not only automated the
tasks of business development professionals but has transformed their roles. The shift in task
execution and work logic can therefore be understood as an Al-induced work redesign, where
operational tasks become easier to scale, while the human role becomes more focused on
evaluation and strategic sensemaking. This represents one of the main empirical contributions
of the thesis, as it shows how Al integration affects business development work at the level of

everyday tasks and role expectations.
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5.3. Evolving Competence Requirements

Our data collected from the survey show that 90% of the respondents chose communication
as the most important skill for their role, which was followed by relationship building, with
73.3% of responses. These findings suggest that despite the integration of Al into business
development professionals' work, human skills remain crucial, and Al cannot change this or
even replace it. However, Al/technological skills were chosen by 36.7% of respondents. This
highlights the significance of human capabilities even when Al is being used daily (96.8% of
respondents use Al daily).

An important finding to emerge in this study is that 63.6% of the survey respondents pointed
out that strategic thinking is the most important skill for business development professionals'
roles. Strategic thinking is the ability to be resilient in the face of changes in the working
environment (Asobee, 2021). More specifically, strategic thinking includes -central
capabilities such as data analytical skills, formulating long-term targets, and decision-making
processes. These types of tasks were mentioned by the survey participants responding to the
critical skills for business development professionals. In addition, 48.39% of participants
agreed when asked whether Al is reducing repetitive work, allowing them to focus more on
strategic thinking. While 38.71% strongly agreed with that statement. Indicating a shift in

skills is required to be able to achieve tasks, to allow BDP to focus on strategic thinking.

Although in environments with intensive use of Al, it is natural to assume that human
interaction will decrease significantly, given the use of Al in most tasks, in this case, the
opposite has happened. This indicates that the interpersonal work, which requires human
capabilities to establish the relationships, evolve them, and maintain them, can not be
achieved by AIl. This implies that human capabilities are becoming core skills for business
development professional roles. Making these roles more human-oriented and less focused on
tasks such as writing emails (80% of the respondents use Al for writing emails) or market
research (45.2% of respondents use Al in market research tasks). Indicating that business
development professionals need to learn how to use Al in order to use it in these tasks. In this
sense, employing Al in completing these tasks imposed BDPs to learn new technologies to

leverage these tools.

An important finding to emerge in this study is the critical role of the human evaluation and
assessment of the Als' outputs. Most interviewees emphasize the importance of controlling

the outcomes generated by Al. One interviewee expressed that Al cannot always be trusted,
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saying, "Do not settle for the first answer.” In addition, most interviewees stated that Al can
produce convincing and well-structured content, but this content is not always accurate or
contextually appropriate, which increases the need for critical evaluation of this content. This

makes evaluation a core skill for business development professionals.

Simultaneously, survey respondents indicate that Al outputs are not trustworthy, and when
asked about skills that are becoming crucial for business development professionals, these

were their answers:

* Questioning the techniques (Al tools) and their generated data

* Filtering what is good and bad information (when using Al)

* Critical thinking to evaluate Al outputs

* the ability to check if Al produces content that is reliable and trustworthy
* Double-check the results that Al delivers

* Understanding what is real and what is fake or dubious information (which is generated by

Al tools)

These results indicate that Al is not making decisions instead of humans, since humans are
the ones who evaluate and choose (judge) what is acceptable and reliable from the outputs of

Al, which is consistent with the EPOCH framework by Loaiza & Rigobon (2024).

For business development professionals, this becomes particularly relevant since the role
often involves identifying opportunities, developing new concepts, adapting communication,
as well as navigating in uncertain business situations where there is rarely one obvious or
objectively “correct” answer. When analyzing our findings through this lens, we conclude
that Al appears to significantly increase the speed and accessibility of generating or
discussing ideas. This, while at the same time shifting the role of creativity, from producing
ideas towards refining, interpreting, and strategically applying them. This indicates that Al is
changing the skills that a BDP needs to be creative, as something that accelerates the early
stages of ideation and reduces the friction that is sometimes connected with starting from a
blank page. Meaning that Al changes the way that a BDP is creative, instead of needing to
start the creativity process from ideation and brainstorming, now BDP needs to know how to

elaborate and validate creativity generation with Al tools.

49



What is considered a “creative contribution” appears to be changing. Before the adoption of
Al, a significant part of creative work was connected to manually reading or producing text,
structuring presentations, or gathering information. Now, since many of these tasks can be
performed rapidly with Al, the human contribution increasingly lies in prompting correctly
for best outcome, as well as later on deciding which ideas are valuable and strategically

useful, which indicates the need to learn how to use Al tools.

This pattern becomes especially visible in the interview findings, where respondents
repeatedly emphasize that Al-generated outputs often lack contextual depth and strategic
understanding. While Al may generate many suggestions quickly, respondents still describe
the need for humans to decide which direction will make sense in the given client context.
One interviewee explained that Al can produce “good-sounding ideas”, but that the actual
value lies in understanding whether these ideas fit the client and the situation - suggesting
that creativity in business development is not simply about producing novelty, but about
producing relevant novelty. This suggests that a BDP needs to evaluate the Al outcomes,

meaning learning to use these tools and how to interact with them.

From a Role Theory perspective, these findings can also be interpreted as a shift in role
expectations (Rizzo et al., 1970). As Al has become more capable of generating ideas and
content on its own, the expectations that are placed on business development professionals

move more towards higher-order creative capabilities.

The role no longer centers around simply producing material but increasingly around
directing creative processes and combining Al-generated ideas with human insight and
understanding. In this sense, the responsibilities of a BDP were altered due to Al adoption,

which shifts the skills that a BDP should acquire.
5.4. Reconfiguring Value Creation

One of the more central themes across the interviews concerned how Al is now reshaping
what is perceived as a valuable contribution within the role of business developers. While Al
clearly and not surprisingly enhances efficiency and supports information processing, our
responses suggest that how a Business developer contributes with value in their work place
nowadays, increasingly is based on how Al outputs are promoted, interpreted, adapted and

embedded in their work context. This shows that value creation is no longer only connected
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to producing outputs, but increasingly to what the business development professional does
with those outputs after Al has generated them.

We argue that a key observation is that tasks related to producing text, gathering information
and structuring basic outputs are becoming less central as a way of contributing with value
for each own organization. Since these activities can now be performed quickly with Al
support, these tasks' relative importance decrease. Instead, respondents emphasize that value
lies in what happens after the initial Al-output is generated. This includes interpreting results,
identifying limitations and adapting content to specific contexts. One interviewee highlights
that Al can provide black and white answers, but that real value for a Business Developer is
found in the gray areas, where nuance, context and deeper understanding are required. This
can suggest that value itself is increasingly linked to the ability to move beyond standardized
outputs, and rather more about how you engage with its complexity.

Moving on to the role of empathy in value creation. Value is increasingly described as
something created not through producing outputs, but through interpreting, adapting and
embedding those outputs in a relational context (Raisch & Krakowski, 2021; Loaiza &
Rigobon, 2024). This implies that empathy functions as a mediating capability, between
Al-generated content and its practical use. So while Al may generate material, it is still the
business development professional who has to understand the client’s situation and decide
whether the generated material creates value in that specific context.

Whilst learning more about when business development professionals navigate their daily
relations with Al-tools, it becomes a bit unclear whether we could state it as a fact that Al
still is incapable of these human attributes, or if Al is specifically only not prompted for
engaging and responding with empathic tone, in our studied context. But we are confident
that although AI has started to be able to handle a broader variety of tasks, when used in
today's way of working, it still is the business development professionals ability to
understand their client’s situation and adjust communication accordingly to it. It is also the
business development professional that needs to determine whether that maybe fully, partly

Al-generated information creates value for the situation given.

The relational dimension of work is consistently emphasized as a core source of how to find
and fully leverage value. All respondents kept focusing on that business development
fundamentally involves trust, relationships and interpersonal interaction. One interviewee
states that “people do business with people”, underscoring the importance of human presence

when creating meaningful connections. In this context, Al is described as supporting the
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process, but not replacing the relational foundation of the work. When asked if they thought
that Al completely could or would replace their role in the next 5-10 years, all respondents
answered no. This finding supports the idea that value creation in business development is
not only informational, but also relational and contextual.

Our data collected from the survey shows that 90% of the respondents chose communication
as the most important skill for their role, which was followed by relationship building, with
73.3% of the responses. These findings suggest that despite the integration of Al in business
development professionals' work, interpersonal work is still crucial and that Al cannot change
this fact or even replace it. In contrast, Al/technological skills were chosen by 36.7% of
respondents. This highlights the significance of interpersonal work even when Al is being
used daily. Although in environments with intensive use of Al, it is natural to assume that
human interaction will decrease significantly, given the use of Al in most tasks, in this case,
the opposite has happened. Instead, our findings show that interpersonal and interpretive
capabilities become more important as Al takes over more basic production-oriented tasks.
These findings suggest that value is created through interpersonal work. Al can generate
content and analyse data; however, humans are the ones to talk to clients, convince them, and
close deals, and thus create the value. To put it another way, the value is created when
humans interact with each other, and not when Al generates outputs. This can be explained
through the EPOCH framework by Loaiza and Rigobon (2024). Our findings show
consistency with the components Presence, Networking & Connectedness, as well as
Empathy & Emotional Intelligence and Opinion, Judgment & Ethics. Presence is the core of
interpersonal work, due to the trust that is built when humans interact. According to Walther
(1996), trust is built between interpersonal meetings due to eye contact and body language,
leading to making the meetings more successful, especially when businesses are acting with
unknown people, which is exactly what our data is revealing.

An important finding to emerge in this study is the critical role of the human evaluation and
assessment of the Al's outputs. Most interviewees emphasize the importance of controlling
the outcomes generated by Al. One interviewee expressed that Al cannot always be trusted,
saying, “Do not settle for the first answer.” In addition, most interviewees stated that Al can
produce convincing and well-structured content, but this content is not always accurate or
contextually appropriate, which increases the need for critical evaluation of this content. This
makes evaluation not only a competence requirement, but also a central part of value creation

within the role.
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Further data from interviews reveals that Al is not perceived as self-sufficient. Instead, it is
described as dependent on human input, guidance, and interpretation. One interviewee
explicitly contrasts “using Al as support” with “letting it do the work™, arguing that the latter
alternative undermines basic understanding of the task and reduces the quality of outcomes.
This insight from the interviewee implies that the responsibilities rely on humans and on their
judgement of the generated data, as humans are the ones who are held accountable for the
correctness of these outputs. This is consistent with the Ethics from the third component of
the EPOCH framework, Opinion, Judgment & Ethics. Ethics in this framework represents the
responsibility for the outcomes that are generated by Al.

Please note that our findings at the same time suggest that creativity itself has not become
less important. Rather so, what is considered a “creative contribution”, appears to be
changing. Before the adoption of Al, a significant part of creative work was connected to
manually reading or producing text, structuring presentations or gathering information. Now,
since many of these tasks can be performed rapidly with Al, the human contribution
increasingly lies in prompting correctly for best outcome, as well as later on deciding which
ideas are valuable and strategically useful. This pattern becomes especially visible in the
interview findings, where respondents repeatedly emphasize that Al-generated outputs often
lack contextual depth and strategic understanding. While Al may generate many suggestions
quickly, respondents still describe the need for humans to decide which direction that will
make sense, in the given client context. This suggests that creativity in business development
is not simply about producing novelty, but about producing relevant novelty.

Our interview findings suggest that Al contributes to a shift in how Business Developers
create value - from production to interpretation, from execution to judgment and from
individual output to relational and contextual understanding. Yes, no doubt is that Al enables
faster and more scalable work, but our findings show us that the role of a business developer
remains grounded in human capabilities that extend beyond what Al can currently replicate.
In this sense, Al reconfigures value creation by moving the center of value from the
production of content/material, towards the interpretation and relational anchoring of

Al-supported outputs.
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6. Conclusion

This thesis investigates the influence of Al on roles of business development professionals
(BDP). Previous research has often focused on Al in broader organizational settings or
isolated productivity tasks. However, this thesis investigates whether Al is transforming the
role of BDPs, replacing them or augmenting their tasks. In addition, this thesis examined the
impact of Al on the skills required of business development professionals. Thus, this thesis
does not approach Al as a purely technological phenomenon, but as a tool that is integrated
into the workflow systems of business development professionals and focuses on the impact

that it has on the value that BDPs create for their organizations.

In order to achieve the research purpose, 5 interviews were conducted with business
development professionals, in addition a survey was distributed to business development
professionals. Collectively, these findings indicate that Al has not only automated the tasks of
business development professionals but has transformed their roles. Our survey revealed that
almost all participants use Al tools daily, indicating that Al is embedded in the daily activities
of the business development professionals. Contrary to expectations, this intensive adoption
of Al has underscored the significance of human capabilities in creating value. This is due to
the role that Al plays in business development professionals' tasks, as many participants
pointed out that Al is a support, a partner, and not just a tool. When participants were asked
about the core skills of their role, after the adoption of Al, 90% chose communication, 73.3%
chose relationship building, and 36.3% chose strategic thinking. This implies that despite the
intensive adoption of AI, human capabilities are still crucial for these roles. This
transformation of the roles of business development professionals raised the changes in the
core skills of such roles. According to the data from the survey, the workers are spending less
time on repetitive and research tasks and spending more time on interpersonal work and on
strategic thinking. In addition, most research participants indicated that Al outcomes are

unreliable and need to be evaluated and interpreted.
6.1. Theoretical Contribution

Our findings revealed that duration adjustment in task completion and the inconsistent
outcomes of Al are what have changed the BDP roles from execution to communication,
interpretation, and validation. On the one hand, this represents our empirical contribution to

the field of business development.
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On the other hand, this study extends the role theory by articulating the mechanisms through
which Al adoption impacts the role expectations of business development professionals, thus
extending the traditional understanding of role expectations. The role theory suggests that the
role expectations are influenced by the social positions (Nigam et al., 2022). Our research
examines the changes in the role expectations due to Al adoption in the work of business
development professionals. The interaction between humans and Al tools is setting new
boundaries for their roles. Formerly, business developers were expected to collect
information, prepare for meetings, take notes at the meeting, and communicate during the
meeting. However, these expectations were changed due to Al systems, and not any social or
organizational changes. Currently, business developers are expected to communicate,
maintain relationships, and interpret the Al outputs. In addition, our analysis validates the
EPOCH framework; we found that human skills, such as communication, relationship
building, and strategic thinking, are difficult to replicate by Al tools despite the intensive
adoption of Al

6.2. Practical Implications

Consequently, this thesis provides practical implications for managers and organizations. This
thesis offers insights for a successful adoption process of Al. indicating that some factors
promote the successful adoption of AI into the business development professionals'
workflow. Firstly, the adoption should be aligned with the workflow. Organizations should
adopt Al according to the nature of the tasks of the BDPs, in a way that assists them rather
than breaks them down. Secondly, avoid excessive reliance on Al in performing tasks. Our
Study found that Al is used as a supportive partner for the BDPs and not as a replacement for
them. Successful adoption is contingent upon optimizing the equilibrium between human and
Al capabilities. Thirdly, upskilling is essential for successful Al adoption. Organizations
should provide their workers with the essential learning of Al skills and continue the learning
process. This means that the organizations should offer their workers the required knowledge

to utilize Al tools and achieve the benefits of Al.
6.3. Limitations

Despite the contributions of this study, several limitations should be reflected. This study was
conducted with a small sample size; only five interviews were conducted, and the survey

responses were 31. The study findings could be generalized if the sample size were larger.
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Moreover, the interviews were relatively short, as the interviewees were busy and had no
time for a follow-up interview.
On the other hand, this thesis has some theoretical limitations. Firstly, empirical findings
were analysed through the EPOCH framework and the role theory; no other technology
theories were included in this study. Secondly, this thesis focuses only on business
development professionals, making it challenging to generalize its findings to other
professions. Finally, Finally, this thesis is based on experiential evidence. This means that the
empirical findings represent the business development professionals who participated in this
study. Although this thesis provides some insightful results, it does not quantify the
measurement of Al outputs.

6.4. Future Research
On grounds of this thesis's findings and limitations, there are some recommendations for
future research: First, we recommend deploying a larger sample size for both interviewees
and survey respondents. This could increase the generalizability of the study's results.
Second, a longitudinal research study investigating the business development professionals
over a relatively long period of time. This could provide a deeper analysis of the influence
that Al has on business development professionals' roles. Finally, we recommend a
comparison between different industries. A comparison between business development
professionals working in distinct industries would reveal whether Al adoption has the same

influence on their roles.
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Appendix 1

Participant Information Sheet

Study Title:

Artificial Intelligence and the Changing Role of Business Developers
Researchers:

Rana Alsaghir

Linn Edsholt

Master’s Programme in Business Development & Marketing
University of Skovde

Spring 2026

Purpose of the Study

The purpose of this study is to explore how artificial intelligence (Al) influences the work role of
business developers. The research focuses on how Al affects work tasks, responsibilities,
decision-making, and the perceived opportunities and challenges associated with Al-supported work.

The study is conducted as part of a master’s thesis at the University of Skdvde.

Why You Have Been Invited

You have been invited to participate because you currently work in a business development role or a
closely related position where Al-based tools are used in daily work activities.

Your experiences and insights are valuable for understanding how Al is integrated into professional
practice.

What Participation Involves
Participation involves taking part in a semi-structured interview.

The interview will include questions about:
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e your professional role

e your work tasks

e how Al tools are used in your work
e perceived changes in your role

e opportunities and challenges associated with Al

The interview will take approximately 45—-60 minutes.

With your permission, the interview will be audio recorded to ensure accurate transcription and
analysis.

Voluntary Participation
Participation in this study is entirely voluntary.

You may:

e decline to answer any question
e withdraw from the interview at any time

e withdraw your participation without providing a reason

Withdrawing from the study will not result in any negative consequences.

Confidentiality and Anonymity
All information collected during the study will be treated confidentially.

To protect your privacy:

e Your name will not appear in the thesis
e Your company name will not be disclosed

e Any identifying information will be removed during transcription
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Participants will instead be referred to using anonymous codes (e.g., Participant 1, Participant 2).

Data Handling

Audio recordings and transcripts will be stored securely and only accessible to the researchers.

The collected data will be used solely for the purpose of completing the master’s thesis.

All data will be handled in accordance with GDPR regulations and good research practice guidelines.

After the thesis has been completed and examined, the recordings will be deleted.

Potential Risks and Benefits
There are no known risks associated with participating in this study.

While there are no direct benefits to participants, your contribution may help increase understanding
of how Al is transforming professional roles in business development.

Consent Form

Study Title:

Artificial Intelligence and the Changing Role of Business Developers
Researchers:

Rana Alsaghir & Linn Edsholt

University of Skovde

Please read the statements below and indicate your consent.

I confirm that:

[ T have read and understood the information provided about the study.

[ T understand that participation is voluntary.

U] I understand that I may withdraw from the study at any time without giving a reason.

L T agree to participate in the interview.
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[J T understand that the interview will focus on my professional experiences with Al in business

development.
[ I understand that the interview will be audio recorded.

[J T understand that the collected data will be anonymised and used only for the purpose of this
master’s thesis.

U] I understand that my name and company will not be disclosed in the thesis.

Participant Name:

Signature:

Date:

Researcher Signature:

Date:
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Appendix 2

Interview Guide

Short opening script

Thank you for taking part. We are writing a master’s thesis about how Al affects the business
developer role. We are especially interested in how Al is used in daily work, which tasks have
changed, and what opportunities and challenges you see.

The interview will take approximately 45 min. Your participation is voluntary, and you may
withdraw at any time. The interview will be anonymous, and we will not include your name or

your company’s name in the thesis.

We would like to record the interview in order to represent your answers accurately - is that
okay?

Practical background gquestions

1. Could you start by telling us a little about your current role?

2. What is your title, and how would you describe what your work involves?

3. How long have you worked in business development or closely related roles?
4. What type of organisation do you work in today?

5. What does a typical work week look like for you?

Mapping the role before Al / before current Al use

1. If you think back a few years - what did the role look like then compared to today?
2. Which types of tasks took up the most time then?

3. What did you feel was the core of the business developer role before Al started being used
more and Which skills were the most important then?

Al use today: tools, extent, and context

1. Which Al-based tools or functions do you use today in your work?

2. How often do you use them?
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3. In which parts of the work is Al used the most?
4. Are these tools you chose yourself to use, or something the organisation has implemented?

5. How was Al introduced into your work?

Concrete work situations

1. Can you describe a concrete situation where Al helped you in your work recently?
2. Can you describe a situation where Al did not work so well or created problems?

3. Is there any work task where you have clearly noticed that Al has changed how you work?

Changes in work tasks

1. Which work tasks have become easier since Al started being used?

2. Are there any work tasks that have disappeared or decreased?

98]

Have any new work tasks emerged because of AI?
4. Has Al changed how much time you spend on different parts of the role?

5. Have some tasks become more strategic, and others more administrative or more focused on
control?

Changes in the strategic role

1. Do you think Al has changed your strategic importance in the organisation?

2. In what way does Al affect your ability to contribute to growth, business opportunities, or
strategic decisions?

3. Has your role become more advisory, more analytical, or more coordinating?

4. Has Al affected your room for manoeuvre or your autonomy?

Role expectations, ambiguity, and tensions

1. Have expectations of your role changed as Al has become more widely used?

68



2. Isitclear what you are expected to do yourself and what Al is supposed to help with?
3. Has Al created any ambiguity in the role?

4. Do you experience any conflicts or tensions in the work when Al is used?

Human strengths vs Al

—

Which parts of your work do you think still require clearly human abilities?
2. Are there any parts where Al is stronger than humans?
3. Are there any parts where Al can never really replace a business developer, in your opinion?

4. What in the role feels the most human even in a more Al-supported workday?

Skills, learning, and upskilling

—_—

Has Al changed which skills are required in the role?

2.  Which new abilities do you think have become important?

98]

Have you had to relearn or learn new things in order to work effectively with AI?
4. How much support have you received from the organisation in this?

5. Do you see Al as something that simplifies your work, or as something that also places new
demands on you?

Opportunities

1. What are the biggest opportunities with Al in business development, according to you?
2. In what ways can Al improve the quality of the work?
3. Has Al helped you identify business opportunities that you otherwise might have missed?

4. Has Al improved your understanding of markets, customers, or internal processes?

Challenges and risks
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What are the biggest challenges with using Al in your role?
Is there anything you are concerned about regarding Al and business development?
Has Al in any way made the work more complex?

Is there a risk that organisations overestimate what Al can actually contribute?

Future perspective

70

How do you think the business developer role will change over the next 3-5 years because of
Al? leta fel ar ett sétt att bli olycklig

Do you think AI will mainly replace certain tasks, transform the role, or strengthen it?
What do you think will become even more important on the human side in the future?
If you were to give advice to someone who wants to work in business development in the

future - what should that person learn?

Is there anything important about Al and your role that we have not asked about?



Appendix 3
Survey Questionnaire

1. How old are you?

a. 22-34
b. 35-44
c. 45-54
d. 55+

e. Prefer not to say

2. What is your gender?

a. Female

b. Male

c. Non-binary

d. Prefer not to say

3. What is your current job title?
a. BDR

b. Business developer

c. Business development manager
d. Partnerships manager

e. Other:

4. How many years of experience do you have in your current role?
a. 1-3

b. 4-6

c. 7-10

d. 10+

5. How often do you use Al tools?

a. Daily

b. Weekly
c. Monthly
d. Other:
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6. Q6. Since you started using Al, how has your time spent on the following tasks
changed?

a. Lead generation

b. Outreach

c. Market research

d. Reporting

e. Strategic work

f. Interpersonal work

Assessment Criteria: Much less, less, no change, more, much more

7. What tasks do you use Al to perform?
[J Writing emails

[J Market research

[J Data Analysis

[J Lead qualification

[J Other:

8. To what extent you agree:

a. Al improves my efficiency

b. Al reduces repetitive tasks

c. Ihave experienced technological competency reconfiguration

d. Al enables me to focus more on strategic thinking due to the reduction of repetitive
tasks.

Assessment Criteria: Strongly disagree, disagree, neutral, agree, strongly agree

9. Which skills are most important to your role today (after the adoption of Al)?
[J Communication
[J Relationship building
[J Data analysis
[J AI/ technical skills
[J Strategic thinking
[J Other:
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10. Which skills have become important due to AI?

11. Do you have more insights? Please add them here (Optional)
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